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Fig.1 Stereo Vision System
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Fig.2 Trajectory generation algorithm
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Fig.3 Eye-manipulator system used for experiments
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Fig.4 Experimental equipment



Table 1 Estimate Points [pixel
’ No. H ! ‘ Y1 ‘ T2 ‘ Yo
170 | 168 | 441 | 162
126 | 134 | 413 | 142
96 | 100 | 384 | 122
95 | 111 | 352 | 141
96 | 126 | 324 | 160
41 | 181 | 302 | 220
68 | 277 | 289 | 297
106 | 389 | 273 | 391
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Fig.5 Obstacle region obtained by thresholding op-
eration
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Fig.6 Generated trajectory by using proposed
method

Fig.7 Initial posture
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Fig.8 Goal posture
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Fig.9 Error norm in image plane 1

60

-

40
30 -
20 -

10 i

o 5 10 15 20 25 30 35
time [s]

Fig.10 Error norm in image plane 2
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Fig.11 Trajectory generation algorithm using small

patches
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