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Reinforcement learning(RL) has been recently used to build an au-

tonomous robot that learn to accomplish non-trivial tasks.

Shoichi NODA, Osaka University Koh HOSODA, Osaka University
Abstract :

Achievement of Multiple Tasks for a Mobile Robot with a Visual Sensor

We have applied the
The virtu-

This is called perceptual aliasing problem. This paper presents the

completely independent of each other, therefore the robot sometimes misunderstands

vision-based RL method for the integration of a set of tasks of which states are not
world states.

method for the robot with a limited sensor to achieve multiple tasks.

al sensor is implemented to cope with perceptual aliasing, and the state transtion
probability distribution allows the robot to detect the states which are inconsistent
reinforcement learning, perceptual aliasing, multiple task,soccer robot

between subtasks. Simulation results are shown and the discussion is given.
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Fig.6 A shooting behavior
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Table 1 Simulation results (integration methods)
| | shooting(%) | steps/collisions |

simple sum 36.1 154.3
switching 52.6 50.7
learning 64.2 7215.2

Table 2 shooting rate (with/without virtual sensor)
| [ visible [ unvisible ]

without virtual [[ 63.0 % | 10.4 %

with virtual 64.2 % 374 %
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