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Acquisition of a goal keeping behavior of a soccer robot by reinforcement learning
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Abstract: We apply Q-learning, one of major method of reinforcement learning, for
behavior acquision by a mobile robot. We choosed a shooting behavor of soccer game as an
example and a robot with a single camera could learn it. However, the robot was difficult to
acquire more complex behavior such as a goal keeping behavior, because its view was narrow
and a reword for learning was too simple. In this paper, we introcude an omnidirectional
vision to a mobile robot and apply Q-learning. We propose a new reward function, so that
the robot can learn a goal keeping behavior. We perform simulation to verify our proposed

method.
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Fig.1 The environment and the task Fig.4 The omnidirectional vision on the robot
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Fig.9 Action selection
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Fig.13 An acquired behavior (1)
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Fig.14 An acquired behavior (2)
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