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Reinforcement Learning Based on Recursive Least Square Method

o Eiji Uchibe, Koh Hosoda and Minoru Asada
Osaka University

Abstract— In this paper, Reinforcement Learning based on Recursive Least Square method is discussed.
Based on the RLS-RL, the relation among p, A and 7. The proposed method is implemented by the QR
algorithm. As a result, our method can compute the value function stably. Computer simulation is shown

and a discussion is given.
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Fig.1 Simple environment
1 1
p=08 —— p=02 —
05 05
§ -
° e
05 05
710 100 200 300 400 500 600 700 800 900 1000 710 100 200 300 400 500 600 700 800 900 1000
s ses
(a) p=0.8 (b) p=0.2

Fig.2 TD error
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