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Subjective Map based on Shared Information for Action Selection
Taku IZUMI, Osaka University, 2-1, Yamadaoka, Suita, Osaka

This paper proposes a subjective map for a multiagent system to make decisions in a dy-
namic, hostile environment, that is, a situation in RoboCup competition. It is a map of
the environment that each agent maintains regardless of the objective consistency of the
representation among agents. Owing to its subjectivity, the method is not affected by other
agent’s information which may include not negligible errors due to dynamic changes in the
environment caused by accidents such as falling down or being picked up and brought to
other places by the referee. A potential field is defined on the subjective map in terms of
subtasks such as ball reaching and shooting, and is dynamically updated to make a decision
to act. The method is compared with a conventional sharing and no sharing methods, and

the future issues are given with discussion.
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assumption of no localization error, with averaged loca-

Fig.1 The objective locations, constructed map with
tions, and with subjective view.
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(c) robot B’s

(a) locations (b) robot A’s

Fig.2 Object locations and potential fields of robots
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Fig.3 The initail conditions of experiments.
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Fig.4 Comparison of the rate of time that the robot A’s
decision matched with the one with overhead camera
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Fig.5 Robot A’s potential field and positions of objects
in its map at the initiall condition in case 3 with large
error on robot B



