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Learning Rhythmic Walking Parameters Based on Visual Information
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This paper presents a method for generating vision-based humanoid behaviors by reinforce-
ment learning with rhythmic walking parameters. The walking is stabilized by a rhythmic
motion controller. The learning process consists of two stages: first one is building an action
space so that infeasible combinations of walking parameters are inhibited. The second one
is reinforcement learning with the constructed action space and the state space consisting
of visual features and posture parameters to find feasible action. The method is applied to
a situation of the RoboCupSoccer Humanoid league.
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Fig.1 Model of biped locomotion robot
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Fig.2 Biped walking system with visual perception
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Fig.3 Walking controller
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Fig.4 Result of experiment
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