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Acquiring the Preference to the Faces Through the Interaction with Caregiver
- Learning model of autism children in ABA therapy -
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This paper proposes a system that models the interaction in Applied Behavior Analysis(ABA).

ABA is a education for Autism children to acquire the ability of communication, and is a kind

of reinforcement learning. In the education, when an autism child looks at caregiver’s face, then

he/she can get a reward from the caregiver. By modeling the interaction and implementing the

model to a robot, robot acuires the ability of looking at human face without initial knowledge

about face.
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Fig.2 An overview of the proposed system
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Fig.3 The robot Remember images when it gets Reward
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Fig.4 Gaze system
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Fig.5 Stream of Learning
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Fig.6 Settings
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